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· “Normal” interval: 
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· Influence function: 
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· Empirical influence function: Lt(y; 
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· Empirical influence values: l(yj) =  lj for j = 1, …,n
· Nonparametric (-method variance estimate: vL = 
[image: image13.wmf]n

2

j

2

j1

1

n

=

å

l


· 
[image: image14.wmf]i

m

tt

i1

i

a

L(y)L(y)

t

=

¶

=

å

¶

 where t(F) = a{t1(F), …, tm(F)}  
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 Chapter 3
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· Bootstrap estimate of the bias: B = E((T() – T   
· Bootstrap estimate of the bias of B: 
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· Variance stabilizing transformation: Find an h( ) such that 
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Chapter 4
· Right-tail test p-value: 
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· Two-tail test p-value: 
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· Test for one mean: 
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Chapter 5

· Basic bootstrap C.I. with transformation: 
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· Studentized bootstrap C.I. with transformation uses 
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· Percentile interval: 
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· BCa confidence interval: 
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· a can be approximated by 
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Chapter 6
· Simple linear regression model is Yj = (0 + (1xj + (j
· 
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· Modified residuals are 
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· Standardized residuals are 
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· Yj = (0 + (1xj +
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· lj = n(X(X)-1xjej
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· Y = X( + ( = X0( + X1( + ( where ( is (p+1)(1, ( is (q+1)(1, and ( is (p-q)(1  
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· F = 
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· Accuracy 
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· Prediction for Y+: 
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· Basic bootstrap interval limits for Y+: 
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· Studentized bootstrap interval for Y+: 
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